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ABSTRACT

In the healthcare industry, predicting patient outcomes is essential for early intervention, improving

treatment plans, and optimizing hospital resource management. This project focuses on leveraging

Snowflake’s built-in capabilities to perform end-to-end predictive modeling for patient outcomes using

historical medical data, lab results, and treatment histories. The solution utilizes Snowflake SQL

functions for data preprocessing, including handling missing values, normalizing patient data, and

aggregating time-series health records. Machine learning models are implemented directly within

Snowflake using Snowflake ML functions and Python UDFs to predict patient risks based on past

diagnoses, medication history, and vital sign trends. The model results are stored and queried efficiently

using Snowflake’s optimized storage and indexing techniques, ensuring real-time insights for healthcare

professionals. This approach enables hospitals and research institutions to identify high-risk patients,

optimize care pathways, and improve overall healthcare outcomes—all within the Snowflake

ecosystem.

https://www.irjweb.com/
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LISTOF SYMBOLS

S.NO

NOTATION

NAME NOTATION DESCRIPTION

1. Class Represents a collection of

similar entities grouped

together.
+ public

-private

Class Name

-attribute

-attribute

2. Association

Associations represents

static relationships

between classes. Roles

represents the way the two

classes see each other.
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It aggregates several
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4. Aggregation
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Class B Class B
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5.
Relation

(uses)

uses
Used for additional process

communication.

6. Relation

(extends)
extends

Extends relationship is used

when one use case is similar

to another use case but does

a bit more.

7. Communication Communication between

various use cases.

8. State State State of the processes.

9. Initial State Initial state of the object

10. Final state Final state of the object

11. Control flow Represents various control

flow between the states.

12. Decision box Represents decisionmaking

process from a constraint

13. Use case

Uses case

Interactionbetween the
System and external

Environment.
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14. Component

Represents physical

Modules which are a

collection of components.

15. Node

Represents physical

Modules which are a

collection of components.

16. Data

Process/State

A circle in DFD represents a

state or process which has

been triggered due to some

event or action.

17. External entity

Represents external entities

such as keyboard, sensors,

etc.

18. Transition Represents communication

that occurs between

processes.

19. Object Lifeline Represents the vertical

dimensions that the object

communications.

20. Message Message Represents themessage

exchanged.
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CHAPTER-1

INTRODUCTION

• INTRODUCTION

In today’s data-driven healthcare environment, the ability to anticipate patient outcomes has become

a cornerstone of proactive and effective medical care. Early identification of at-risk patients can

significantly improve clinical decisions, reduce hospital readmissions, and streamline the use of

critical resources. However, harnessing large volumes of diverse healthcare data—from electronic

health records to lab results and treatment histories—poses both technical and operational

challenges.

This project presents an end-to-end predictive modeling solution built entirely within the Snowflake

ecosystem. By leveraging Snowflake’s scalable architecture, powerful SQL capabilities, and

integrated support for machine learning, we develop a seamless pipeline that processes historical

medical data and generates actionable predictions on patient outcomes. This approach allows

healthcare providers to make timely, data-informed decisions—ultimately improving patient care

and operational efficiency.

Predicting patient outcomes is vital for enhancing healthcare quality, reducing risks, and optimizing

resources. This project leverages Snowflake’s built-in capabilities to build a complete predictive

analytics pipeline using historical medical records, lab results, and treatment data. By performing

data preprocessing, machine learning, and real-time insights entirely within the Snowflake platform,

the solution empowers healthcare providers to identify high-risk patients early and improve clinical

decision-making.
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• SCOPEOF THE PROJECT

This project aims to develop a comprehensive, end-to-end predictive modeling solution for patient

outcomes, leveraging the full capabilities of the Snowflake Data Cloud. The scope encompasses the

entire pipeline from data ingestion to the delivery of actionable insights, with a focus on enabling

healthcare providers to make timely, data-informed decisions.

The solution begins with the integration of diverse healthcare data sources, including electronic

health records, lab test results, treatment histories, and patient demographics. Using Snowflake SQL

functions, the data is preprocessed to handle missing values, normalize metrics, and aggregate time-

series health data, ensuring it is clean, consistent, and ready for analysis.

Machine learning models are implemented directly within Snowflake using Snowflake ML and

Python User-Defined Functions (UDFs). These models are designed to predict patient outcomes and

identify risk factors based on historical diagnoses, medication patterns, and vital sign trends. The

modeling process remains fully in-database, reducing data movement and improving performance

and security.

Model results are stored using Snowflake’s high-performance storage architecture, which supports

fast and scalable querying. The predictive insights are made available in near real-time, enabling

clinicians and hospital administrators to proactively identify high-risk patients, adjust treatment

plans, and allocate resources more efficiently.

This project is limited to operations within the Snowflake platform and does not extend to external

machine learning platforms or streaming data systems. The ultimate goal is to enhance healthcare

outcomes through accurate predictions, all within a secure, scalable, and integrated Snowflake

environment.
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• OBJECTIVE

The primary objective of this project is to develop a robust, scalable, and fully integrated predictive

modeling framework within the Snowflake ecosystem to forecast patient outcomes using historical

healthcare data. This initiative aims to support healthcare providers in making proactive, data-driven

decisions that can significantly improve patient care, reduce clinical risks, and optimize hospital

operations.

Specifically, the project seeks to leverage Snowflake’s built-in capabilities—including SQL

processing, machine learning integration, and scalable data warehousing—to build an end-to-end

solution that enables accurate prediction of patient health risks. By utilizing historical data such as

patient demographics, lab test results, diagnosis codes, treatment history, and time-series vital signs,

the model will identify patterns associated with adverse outcomes or hospitalization risks.

The project involves the design and implementation of data preprocessing pipelines using

Snowflake SQL functions to clean, normalize, and prepare data for analysis. Machine learning

models will be developed directly within Snowflake using Snowflake ML and Python UDFs,

ensuring seamless integration, performance efficiency, and data security.

A key objective is to make these predictive insights accessible in real time by storing model outputs

in a query-optimized format. This enables clinicians, administrators, and healthcare analysts to

retrieve actionable insights quickly and use them to prioritize patient care, customize treatment

plans, and allocate resources efficiently.

Overall, this project aims to demonstrate how predictive healthcare analytics can be effectively

achieved entirely within the Snowflake environment—without relying on external tools—thus

offering a secure, scalable, and cost-efficient solution for modern healthcare institutions.
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CHAPTER 2

LITERATURESURVEY

• REVIEWOFRELATEDRESEARCH PAPERS

1. TITLE: Scalable and Accurate Deep Learning with Electronic Health

AUTHORS:A. Rajkomar, E. Oren, K. Chen, A. M. Dai, N. Hajaj.

YEAR: 2018

DESCRIPTION: This paper presents a deep learning framework trained on large-scale

electronic health record (EHR) data to predict critical patient outcomes such as in-hospital

mortality, unplanned readmission, and length of stay. The authors leverage diverse clinical data

from multiple hospital systems, including demographics, diagnoses, medications, and lab results,

to build scalable predictive models using recurrent neural networks (RNNs) and feed-forward

architectures. Their models outperform traditional risk scoring systems and generalized linear

models in accuracy and robustness. Importantly, the study validates model performance across

different healthcare institutions, showcasing the generalizability of the approach. The authors

emphasize end-to-end deep learning pipelines that integrate heterogeneous and longitudinal

patient data for real-time clinical decision support. This work highlights the value of

comprehensive EHR-based predictive modeling in improving healthcare quality and resource

management.
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2. TITLE: Learning to Detect Sepsis with a Multitask Gaussian Process RNN Classifier

AUTHORS: J. Futoma, M. Hariharan, A. Heller, C. D. Buch, Z. Horng, and K. Sendak

YEAR: 2017

DESCRIPTION: This study introduces a multitask Gaussian Process Recurrent Neural Network

(GP-RNN) designed to detect sepsis early in hospitalized patients by modeling complex, time-

series clinical data. The model combines the uncertainty quantification capabilities of Gaussian

Processes with the temporal modeling strengths of RNNs, providing interpretable and accurate

risk scores for sepsis onset. By simultaneously predicting multiple clinical variables, the

multitask framework captures dependencies and temporal dynamics inherent in patient health

trajectories. The approach improves on prior models by addressing irregularly sampled and noisy

clinical data typical in healthcare. Experimental results demonstrate that the GP-RNN

outperforms baseline models in early detection, which is crucial for timely intervention and

improved patient outcomes. This research underscores the importance of advanced time-aware

modeling techniques in healthcare analytics. Its focus on sequential patient data and real-time

risk
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3. TITLE: In-Database Machine Learning: Leveraging Data Warehouse Systems for Predictive
Modeling

AUTHORS: R. Chen, A. Kumar, J. Naughton

YEAR: 2020

DESCRIPTION: This paper explores the concept of in-database machine learning (IDML),

integrating predictive modeling capabilities directly within data warehouse systems to avoid

exporting data to external ML platforms. The authors argue that IDML improves performance by

reducing data movement, enhances security by keeping sensitive data within the warehouse, and

simplifies workflows. The study surveys implementations of IDML, including SQL-based

analytics and user-defined functions (UDFs), and benchmarks effectiveness across commercial

and open-source platforms. They demonstrate how warehouses can efficiently handle feature

engineering and model training at scale. This approach is relevant to healthcare, where data

privacy and real-time prediction access are critical. By leveraging Snowflake’s built-in ML

functions and Python UDFs, this project aligns with best practices for building scalable, secure,

integrated patient outcome prediction models fully within a cloud data platform.
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4. TITLE: Explainable Machine Learning for Healthcare: A Multidisciplinary Prescriptive

AUTHORS: F. T. Liu, J. D. Lee, R. Ghassemi

YEAR: 2021

DESCRIPTION: This paper reviews explainable machine learning (XML) techniques applied

to healthcare, where transparency and interpretability are vital for clinician trust and adoption.

The authors discuss challenges posed by “black-box” models, which often lack clear rationale for

predictions, limiting clinical use. They review popular explainability methods such as SHAP

(SHapley Additive exPlanations) and LIME (Local Interpretable Model-agnostic Explanations),

showing how these tools help interpret feature importance and decision pathways. The paper

highlights cases where XML improved diagnostic accuracy, risk stratification, and treatment

planning by providing human-understandable explanations. Emphasizing the integration of

explainability into clinical ML workflows, this research supports efforts to deploy transparent

predictive models in environments like Snowflake, where Python UDFs can embed

explainability
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5. TITLE:Deep EHR: A Survey of Recent Advances in Deep Learning Techniques for

Electronic Health Record (EHR) Analysis

AUTHORS: J. Redmon, S. Divvala, R. Girshick, and A. Farhadi

YEAR: 2018

DESCRIPTION: This survey reviews recent advances in deep learning applied to electronic

health record (EHR) data. The authors categorize models including convolutional neural

networks (CNNs), recurrent neural networks (RNNs), and autoencoders, highlighting their

ability to learn complex temporal and multi-modal patterns from structured and unstructured

clinical data. They discuss challenges such as data heterogeneity, irregular sampling, and missing

values common in healthcare datasets. Applications include disease diagnosis, mortality

prediction, treatment recommendation, and patient phenotyping. The survey stresses the

importance of preprocessing techniques such as normalization and aggregation—methods

reflected in this project’s use of Snowflake SQL functions. By presenting state-of-the-art

architectures that capture patient health trajectories over time, the paper provides foundational

knowledge for developing robust predictive models implemented within scalable platforms like

Snowflake
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6. TITLE: Predicting Hospital Readmission Risk with Machine Learning: A Retrospective Cohort
Study.

AUTHORS:M. Futoma, D. Morris, and J. Lucas.

YEAR: 2016

DESCRIPTION: This retrospective cohort study evaluates machine learning algorithms for

predicting 30-day hospital readmission risk using structured electronic health record data. The

authors compare traditional clinical scoring systems with machine learning models including

logistic regression, random forests, and gradient boosting machines. Their findings show that

ML methods outperform clinical scores in precision and recall, better identifying high-risk

patients. The study emphasizes incorporating diverse patient data such as prior diagnoses,

medications, and lab results. It highlights challenges like feature selection and data preprocessing

critical for model accuracy. These findings underscore the potential of predictive analytics to

reduce readmissions and improve care coordination. This research aligns with the current

project’s goal to utilize historical patient information and in-database ML within Snowflake
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CHAPTER 3

SYSTEMREQUIREMENTS& SPECIFICATIONS

1. EXISTINGSYSTEM

In the current healthcare landscape, many hospitals and research institutions use siloed systems for

storing and analyzing patient data. These systems often rely on traditional relational databases and

legacy health information systems (HIS) that lack integration with modern machine learning

frameworks. Data such as patient demographics, lab test results, medication history, and diagnoses

are stored in separate systems, making it difficult to perform holistic analysis. This fragmentation

results in inefficient workflows and delays in identifying high-risk patients.

Additionally, most existing predictive models are developed outside the core data platforms,

requiring extensive data extraction, transformation, and loading (ETL) into third-party analytics

tools. This not only introduces latency but also increases the risk of data breaches and compliance

issues. Healthcare professionals often face challenges in accessing real-time insights because

models are not embedded within their operational systems, and any updates to models require

additional integration work.

1. EXISTINGSYSTEMDISADVANTAGES

The Snowflake-based system for predicting patient outcomes faces several challenges. Data privacy

and security are critical, with strict regulations like HIPAA to navigate. Model interpretability is

another issue, as complex machine learning models can be difficult for healthcare professionals to

trust and understand. Data quality is a concern, as incomplete or biased datasets can lead to

inaccurate predictions. Additionally, the system’s scalability could incur high costs, especially for

smaller institutions. Moreover, relying on Snowflake's cloud infrastructure for real-time processing

could create latency issues in critical situations where immediate decisions are needed. Moreover,

relying on Snowflake's cloud infrastructure for real-time processing could create latency issues in

critical situations where immediate decisions are needed. The complexity of integrating real-time

data from various sources may also complicate the system's deployment.
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2. PROPOSED SYSTEM

The proposed system aims to leverage the powerful capabilities of Snowflake, a cloud-based data

platform, to predict patient outcomes in healthcare using historical medical data. The system

integrates data preprocessing, machine learning model deployment, and real-time analytics, all

within the Snowflake environment, ensuring a streamlined workflow. By analyzing patient

data—such as medical history, diagnoses, medication, and lab results—the system provides

actionable insights, enabling healthcare professionals to make informed decisions. It also

enhances resource management by identifying high-risk patients, allowing for early intervention

and improved care planning.

Data preprocessing is a critical step in ensuring the model’s accuracy and effectiveness.

Snowflake’s SQL functions handle tasks such as data cleaning, normalization, and feature

engineering. This ensures that the input data is consistent and in the proper format for machine

learning models. For example, missing values in patient records are managed through imputation

techniques, while vital signs and lab results are normalized to comparable scales. These

preprocessing tasks are carried out efficiently within Snowflake, eliminating the need for

external data processing tools.

Another standout feature of YOLOv11 is its superior adaptability to diverse environments and

tasks. Whether dealing with occlusions, low visibility, or overlapping objects, YOLOv11 excels

in challenging scenarios where other models may struggle. It provides more precise object

localization and segmentation, even in crowded or cluttered scenes.

The heart of the system is the deployment of machine learning models directly within Snowflake.

Using Snowflake ML functions and Python UDFs (user-defined functions), predictive models are

trained on historical data to assess patient risks. Models are built to predict the likelihood of

adverse events, such as readmission or complications, based on past diagnoses and clinical trends.

By embedding machine learning directly within the Snowflake environment, the system

eliminates the need to move data between platforms, speeding up training and inference processes

while maintaining security.
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1. PROPOSEDSYSTEMADVANTAGES
The proposed system offers real-time insights for early intervention, improving patient outcomes. It

ensures data security and compliance with regulations like HIPAA through Snowflake’s encryption

and access controls. Machine learning models predict patient risks, aiding in personalized care.

Additionally, the cloud-based infrastructure reduces costs, offering scalability and efficiency

3. GENERAL
The proposed system utilizes Snowflake for predictive analytics, analyzing historical patient data to

forecast outcomes. It integrates data preprocessing, machine learning, and real-time insights within

Snowflake’s secure, scalable cloud platform. This enables healthcare providers to make informed

decisions, optimize resources, and improve patient care while ensuring regulatory compliance.

4. HARDWAREREQUIREMENTS

The proposed system is cloud-based, relying on Snowflake’s infrastructure to handle compute,

storage, and scalability needs. By processing healthcare data within Snowflake, it eliminates the

need for heavy on-premises hardware, offering cost-efficiency and flexibility. The cloud-based

platform ensures scalability, enabling healthcare providers to manage and analyze large datasets in

real-time. The integration of data preprocessing, machine learning models, and secure data storage

streamlines the entire workflow, providing healthcare professionals with timely, actionable insights

PROCESSOR : DUAL CORE 2 DUOS.

RAM : 16GB RAM

HARDDISK : 250 GB

5. SOFTWARE REQUIREMENTS
The software requirements document is the specification of the system. It should include both a

definition and a specification of requirements. It is a set of what the system should do rather than

how it should do it. The software requirements provide a basis for creating the software

requirements specification. It is useful in estimating cost, planning team activities, performing
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tasks and tracking the teams and tracking the team’s progress throughout the development

activity.

Operating System : Windows 7/8/10

Platform : Spyder3

Programming Language : Python

Front End : Spyder3

6. FUNCTIONAL REQUIREMENTS
The system must integrate diverse healthcare data sources, preprocess and normalize data using

Snowflake SQL functions and Python UDFs, and deploy machine learning models within

Snowflake using Snowpark and Python libraries like scikit-learn, XGBoost, and LightGBM. It

should enable real-time analytics through Snowpipe, ensure compliance with healthcare

regulations such as HIPAA, and provide data visualization capabilities through integration with

tools like Tableau or Power BI. Additionally, the system must support scalable data processing

and secure data sharing to facilitate collaboration across healthcare organizations.

7. NON-FUNCTIONAL REQUIREMENTS

Themajor non-functional Requirements of the system are as follows
Usability

The system is designed with completely automated process hence there is no or less user

intervention.

Reliability

The system is more reliable because of the qualities that are inherited from the chosen platform

python. The code built by using python is more reliable.

Performance

This system is developing in the high level languages and using the advanced back-end

technologies it will give response to the end user on client system with in very less time.

Supportability

The system is designed to be the cross platform supportable. The system is supported on a wide

range of hardware and any software platform, which is built into the system.

Implementation
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The system is implemented in web environment using Jupyter notebook software. The server is

used as the intelligence server and windows 10 professional is used as the platform. Interface the

user interface is based on Jupyter notebook provides server system.
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CHAPTER 4

PROJECTDESCRIPTION

1. GENERAL

The proposed system leverages Snowflake's cloud-based data platform to build a predictive

analytics solution aimed at improving patient outcomes in healthcare settings. By integrating diverse

data sources such as Electronic Health Records (EHR), lab results, and patient demographics, the

system enables the creation of a comprehensive patient profile. Utilizing Snowflake's scalable

architecture, data preprocessing tasks—including handling missing values, normalization, and

feature engineering—are efficiently executed within the platform using SQL functions and Python

UDFs. Machine learning models, developed with libraries like scikit-learn, XGBoost, and

LightGBM, are deployed directly within Snowflake using Snowpark, facilitating seamless model

training and inference. Real-time patient risk predictions are generated by analyzing historical

medical data, lab results, and treatment histories, providing healthcare professionals with timely

insights. The system ensures optimized query performance through Snowflake's clustering and

partitioning techniques, enabling rapid retrieval of patient data. Additionally, the platform's

scalability and cost-efficiency allow for the processing of large-scale patient records, supporting

hospitals and research institutions in identifying high-risk patients, optimizing care pathways, and

enhancing overall healthcare outcomes. By executing data processing, model training, and inference

entirely within Snowflake, the system offers a fast, scalable, and cost-effective solution .



Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC - 520 -

- 520 -

2. METHODOLOGIES

1. MODULESNAME

1. Data Integration and Real-Time Ingestion

2. Data Preprocessing and Feature Engineering

3. Machine Learning Model Development

4. Model Deployment and Inference

5. Predictive Analytics and Anomaly Detection

6. Data Visualization and Reporting

1. MODULESEXPLANATION

1. Data Integration and Real-Time Ingestion:The system utilizes Snowpipe for real-time data

ingestion, enabling the continuous loading of structured and semi-structured healthcare data from

various sources such as Electronic Health Records (EHRs), laboratory systems, and wearable

devices. This approach ensures that the analytics platform remains up-to-date with the latest patient

information, facilitating timely decision-making .

2. Data Preprocessing and Feature Engineering :Data preprocessing is performed within

Snowflake using SQL functions and Python User-Defined Functions (UDFs). This includes

handling missing values, normalizing data, and engineering features essential for predictive

modeling. For instance, text data from clinical diagnoses is parsed and transformed into binary

features indicating the presence of specific medical conditions

3. Machine Learning Model Development :Machine learning models are developed using

Snowpark, Snowflake's development environment that supports Python libraries like scikit-learn,

XGBoost, and LightGBM. These models are trained directly within the Snowflake platform,

eliminating the need for data movement and ensuring compliance with healthcare data regulations .

4. Model Deployment and Inference :Once trained, models are deployed within Snowflake as

Python UDFs, allowing for seamless integration into existing healthcare workflows. For example, in
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predictive maintenance scenarios, model inference is facilitated by Snowpark stored procedures,

enabling real-time predictions without compromising data security

5. Predictive Analytics and Anomaly Detection : Snowflake's ML functions, such as FORECAST

and ANOMALY_DETECTION, are leveraged to perform predictive analytics and identify outliers

in healthcare data. These functions enable the system to forecast patient outcomes and detect

anomalies in clinical metrics, providing healthcare professionals with actionable insights

6. Data Visualization and Reporting : The system integrates with Business Intelligence tools like

Tableau and Power BI for data visualization and reporting. This integration allows healthcare

professionals to interact with predictive analytics through intuitive dashboards, enhancing decision-

making and patient care .

2. TECHNIQUEUSEDORALGORITHMUSED

1. EXISTINGTECHNIQUE

In the proposed healthcare predictive analytics system utilizing Snowflake, several established

algorithms and techniques are employed to analyze and predict patient outcomes effectively. These

methodologies are integral to processing complex healthcare data and generating actionable

insights.

Decision trees are utilized for both classification and regression tasks, providing interpretable

models that map patient data to outcomes. Random Forests, an ensemble method, enhance

predictive accuracy by aggregating multiple decision trees, reducing overfitting, and improving

generalization across diverse patient populations. These models are particularly effective in

identifying risk factors and predicting disease progression.

Gradient Boosting Machines (GBM) is an ensemble technique that builds sequential decision trees,

each correcting errors of its predecessor. This method is adept at handling complex datasets with

non-linear relationships, making it suitable for predicting patient outcomes like readmission risks or

disease recurrence.
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Deep learning models, such as artificial neural networks, are employed to capture intricate patterns

in large-scale healthcare data, including medical imaging and time-series patient records. These

models are particularly useful in diagnosing conditions from medical images and predicting patient

deterioration in real-time.

The K-NN algorithm classifies patients based on the majority class among their nearest neighbors in

the feature space. This non-parametric method is valuable for clustering patients with similar

medical histories, aiding in personalized treatment planning and identifying at-risk groups.

SVMs are utilized for classification tasks, particularly in distinguishing between different disease

states or predicting treatment responses. By finding the optimal hyperplane that separates classes,

SVMs provide robust models, especially in high-dimensional spaces with complex decision

boundaries.

Time series models, including Autoregressive Integrated Moving Average (ARIMA), are applied to

forecast patient metrics over time, such as vital signs or lab results. These models help in

anticipating acute events and planning interventions proactively.

By integrating these algorithms within the Snowflake platform, the system ensures efficient data

processing, scalability, and compliance with healthcare regulations, facilitating accurate predictions

and improved patient care.

DRAWBACKS

 Data Quality and Integration Issues: Healthcare data is often fragmented across various

systems, leading to inconsistencies and incomplete datasets. This fragmentation complicates data

integration and can result in inaccurate predictions if not properly addressed.

 Interpretability of Predictive Models: Many advanced machine learning algorithms function as

"black boxes," providing predictions without clear explanations of how they were derived. This lack

of transparency can hinder clinicians' trust and acceptance of the models.
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 Ethical Considerations: The use of sensitive patient data raises privacy concerns, there is a risk

of perpetuating existing biases if the models are trained on unrepresentative datasets. Such biases

can lead to disparities in healthcare outcomes among different patient groups.

 Implementation Costs and Resource Requirements: The adoption of predictive analytics

systems can be resource intensive. Healthcare organizations may face challenges related to the high

costs of technology adoption.

2. PROPOSED TECHNIQUEUSEDORALGORITHMUSED

In the proposed healthcare predictive analytics system utilizing Snowflake, advanced machine

learning and deep learning techniques are employed to enhance predictive accuracy and

interpretability. These methodologies are integral to processing complex healthcare data and

generating actionable insights.

Ensemble Learning is a core component, combining multiple machine learning models to improve

prediction accuracy and robustness. By aggregating the strengths of various models, ensemble

methods like Random Forests and Gradient Boosting Machines reduce overfitting and enhance

generalization across diverse patient populations. This approach is particularly effective in

identifying risk factors and predicting disease progression.

RETAIN (Reverse Time Attention Model) is utilized to capture intricate patterns in sequential

healthcare data. This deep learning model employs a two-level neural attention mechanism to

identify influential past visits and significant clinical variables, allowing for high accuracy while

maintaining interpretability. RETAIN mimics physician practice by attending to Electronic Health

Record (EHR) data in reverse time order, ensuring that recent clinical visits receive appropriate

attention. This method is particularly useful in diagnosing conditions from medical histories and

predicting patient deterioration in real-time.

Natural Language Processing (NLP) techniques are applied to extract valuable insights from

unstructured clinical notes and medical literature. NLP enables the analysis of sentiment, speech

patterns, and linguistic cues to detect signs of mental distress, contributing to early diagnosis and
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improved treatment strategies. This is crucial as many mental health disorders are diagnosed via

speech in doctor-patient interviews, utilizing the clinician's skill for behavioral pattern recognition.

By integrating these advanced algorithms within the Snowflake platform, the system ensures

efficient data processing, scalability, and compliance with healthcare regulations, facilitating

accurate predictions and improved patient care.

ADVANTAGES

Improved Patient Outcomes: By analyzing historical and real-time data, the system can identify

patients at high risk of developing certain conditions, enabling early intervention. This proactive

approach leads to better patient outcomes and reduced complications.

Enhanced Preventive Care: Predictive analytics helps in identifying high-risk individuals,

allowing healthcare providers to implement proactive measures to prevent the onset or progression

of diseases, thereby reducing the need for more intensive treatments later.

Cost Reduction: By optimizing resource allocation and preventing unnecessary hospitalizations, the

system can significantly reduce healthcare costs. Early interventions and personalized treatment

plans help in avoiding costly emergency care.

Increased Operational Efficiency: Healthcare organizations can improve their operational

efficiency through better capacity planning and resource management. Predictive analytics aids in

streamlining workflows and enhancing patient scheduling.

Data-Driven Decision Making: The system provides clinicians and administrators with data-driven

insights to support more informed decision-making, leading to better patient care and optimized

resource utilization.

Personalized Patient Care: By analyzing individual patient data, the system enables more

personalized and targeted healthcare interventions, improving patient satisfaction and adherence to

treatment plans.

Improved Population Health: Predictive analytics supports population health management

initiatives by identifying trends and risk factors across patient groups, allowing for targeted public

health interventions.
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1. GENERAL

CHAPTER 5

DESIGNENGINEERING

Design Engineering deals with the various UML [Unified Modelling language] diagrams

for the implementation of project. Design is a meaningful engineering representation of a thing

that is to be built. Software design is a process through which the requirements are translated into

representation of the software. Design is the place where quality is rendered in software

engineering.

2. UMLDIAGRAMS

1. USE CASE DIAGRAM

Fig 5.2.1 : Use Case Diagram
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EXPLANATION

The main purpose of a use case diagram is to show what system functions are performed for

which actor. Roles of the actors in the system can be depicted. The above diagram consists of

user as actor. Each will play a certain role to achieve the concept.

2. CLASS DIAGRAM

Fig 5.2.2: Class Diagram

EXPLANATION

In this class diagram represents how the classes with attributes and methods are linked together

to perform the verification with security. From the above diagram shown the various classes

involved in our project.
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3. OBJECTDIAGRAM

Fig 5.2.3: Object Diagram

EXPLANATION

In the above digram tells about the flow of objects between the classes. It is a diagram that shows

a complete or partial view of the structure of a modeled system. In this object diagram represents

how the classes with attributes and methods are linked together to perform the verification with

security.
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4. STATE DIAGRAM

Fig 5.2.4: State Diagram

EXPLANATION
State diagram is a loosely defined diagram to show workflows of stepwise activities and

actions, with support for choice, iteration and concurrency. State diagrams require that the

system described is composed of a finite number of states; sometimes, this is indeed the case,

while at other times this is a reasonable abstraction. Many forms of state diagrams exist, which

differ slightly and have different semantics.
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5. ACTIVITYDIAGRAM

Fig: 5.2.5 : Activity Diagram

EXPLANATION

Activity diagrams are graphical representations of workflows of stepwise activities and

actions with support for choice, iteration and concurrency. In the Unified Modelling Language,

activity diagrams can be used to describe the business and operational step-by-step workflows of

components in a system. An activity diagram shows the overall flow of control.
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6. SEQUENCE DIAGRAM

Fig 5.2.6: Sequence Diagram

EXPLANATION

A sequence diagram in Unified Modelling Language (UML) is a kind of interaction

diagram that shows how processes operate with one another and in what order. It is a construct of

a Message Sequence Chart. A sequence diagram shows object interactions arranged in time

sequence. It depicts the objects and classes involved in the scenario and the sequence of

messages exchanged between the objects needed to carry out the functionality of the scenario.
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7. COLLABORATION DIAGRAM

Fig 5.2.7: Collaboration Diagram

EXPLANATION

A collaboration diagram, also called a communication diagram or interaction diagram, is

an illustration of the relationships and interactions among software objects in the Unified

Modelling Language (UML). The concept is more than a decade old although it has been refined

as modelling paradigms have evolved.
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8. COMPONENT DIAGRAM

Fig 5.2.8: Component Diagram

EXPLANATION

In the Unified Modelling Language, a component diagram depicts how components are wired

together to form larger components and or software systems. They are used to illustrate the

structure of arbitrarily complex systems. User gives main query and it converted into sub queries

and sends through data dissemination to data aggregators. Results are to be showed to user by

data aggregators. All boxes are components and arrow indicates dependencies.
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9. DATA FLOWDIAGRAM

Level 0

Fig 5.2.9.1: Data Flow Diagrams
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Level 1

Fig 5.2.9.2: Data Flow Diagrams

EXPLANATION

A data flow diagram (DFD) is a graphical representation of the "flow" of data through an

information system, modelling its process aspects. Often they are a preliminary step used to create an

overview of the system which can later be elaborated. DFDs can also be used for the visualization of data

processing (structured design).A DFD shows what kinds of data will be input to and output from the

system, where the data will come from and go to, and where the data will be stored. It does not show

information about the timing of processes, or information about whether processes will operate in

sequence or in parallel.
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10. DEPLOYMENT DIAGRAM

Fig: 5.2.10: Deployment Diagram

EXPLANATION

Deployment Diagram is a type of diagram that specifies the physical hardware on which the

software system will execute. It also determines how the software is deployed on the underlying

hardware. It maps software pieces of a system to the device that are going to execute it.
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11. SYSTEMARCHITECTURE

Fig 5.2.11 System Architecture
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5.2.12. E-R DIAGRAM

Fig 5.2.12 E-R diagram

EXPLANATION

Entity-Relationship Model (ERM) is an abstract and conceptual representation of data. Entity-
relationship modeling is a database modeling method, used to produce a type of conceptual schema
or semantic data model of a system, often a relational database.
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CHAPTER 6
DEVELOPMENT TOOLS

3. GENERAL

Fig 6.1.1: Go to snowflake trail account
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Fig 6.1.2: go to login page

Fig 6.1.3: fill the details
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Fig 6.1.4: click continue to proceed

Fig 6.1.5:select cloud platform
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Fig 6.1.6: fill the details

Fig 6.1.7: select your region
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Fig 6.1.8: complete acknowledgement

Fig 6.1.9: get started
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Fig 6.1.10: requirements page

Fig 6.1.11: select requirements
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Fig 6.1.12: click continue to proceed

Fig 6.1.13: languages preferred
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Fig 6.1.14:select desired language

Fig 6.1.15: click submit
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Fig 6.1.16: receive an email

Fig 6.1.17: click on activate



Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC - 547 -

- 547 -

Fig 6.1.18: fill the necessary details

Fig 6.1.19: home page of snowfalke
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4. HISTORYOF SNOWFLAKE

Snowflake Inc. was founded in July 2012 by Benoît Dageville, Thierry Cruanes, and Marcin

Żukowski in San Mateo, California. Dageville and Cruanes, former data architects at Oracle, and

Żukowski, co-founder of Vectorwise, aimed to revolutionize data warehousing by building a

platform designed specifically for the cloud. In 2014, Snowflake emerged from stealth mode and

began offering its cloud-native data warehouse, which separated compute from storage to provide

scalable and efficient data processing. The company initially ran on Amazon Web Services (AWS)

and later expanded to Microsoft Azure in 2018 and Google Cloud Platform in 2019.

Snowflake's growth trajectory accelerated with significant investments and product innovations. In

June 2015, the company launched its first product, a cloud data warehouse. By 2020, Snowflake had

raised $3.36 billion in its initial public offering (IPO), the largest software IPO at that time,

achieving a valuation of approximately $70 billion. The IPO attracted investments from notable

firms, including Berkshire Hathaway and Salesforce Ventures. As of 2025, Snowflake has expanded

its platform to run on AWS, Microsoft Azure, and Google Cloud Platform, serving over 10,000

customers and processing billions of queries daily.

5. FEATURESOF SNOWFLAKE

Separation of Compute and Storage: Snowflake's architecture allows compute and storage to

scale independently, enabling efficient resource utilization and cost management.

Zero-Copy Cloning: This feature enables the creation of instant, cost-effective clones of databases,

schemas, and tables without duplicating data, facilitating development and testing processes.

Time Travel: Snowflake provides the ability to access historical data, allowing users to query,

restore, or clone data as it appeared at any point within a defined retention period.

Fail-Safe: In addition to Time Travel, Snowflake offers a fail-safe feature that provides an

additional layer of data protection, ensuring data recovery in case of critical failures.

Data Sharing: Snowflake enables secure and governed sharing of live data across different

Snowflake accounts, facilitating collaboration without the need for data duplication.
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Automatic Scaling: The platform can automatically adjust compute resources to handle varying

workloads, ensuring consistent performance during peak and off-peak times.

Secure Data Governance: Snowflake offers robust security features, including role-based access

control, data masking, and encryption, to ensure data privacy and compliance.

Support for Semi-Structured Data: The platform natively supports semi-structured data formats

like JSON, Avro, and Parquet, allowing for seamless integration and analysis.

Extensibility with Snowpark: Snowpark allows developers to write code in languages like Python,

Java, and Scala within Snowflake, enabling advanced analytics and machine learning workflows
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CHAPTER 7

IMPLEMENTATION

7. IMPLEMENTATIONAND SNAPSHOTS

Fig 7.1 sql queries
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Fig 7.2 sql queries

Fig 7.3 sql queries
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Fig 7.4: sql queries

Fig 7.5: result of patients
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Fig 7.6: result of patients
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CHAPTER 8

SOFTWARETESTING

1. GENERAL

The purpose of testing is to discover errors. Testing is the process of trying to discover

every conceivable fault or weakness in a work product. It provides a way to check the

functionality of components, sub-assemblies, assemblies and/or a finished product It is the

process of exercising software with the intent of ensuring that the Software system meets its

requirements and user expectations and does not fail in an unacceptable manner. There are

various types of test. Each test type addresses a specific testing requirement.

2. DEVELOPINGMETHODOLOGIES

The test process is initiated by developing a comprehensive plan to test the general

functionality and special features on a variety of platform combinations. Strict quality control

procedures are used. The process verifies that the application meets the requirements specified in

the system requirements document and is bug free. The following are the considerations used to

develop the framework from developing the testing methodologies.

3. TYPES OF TESTS

1. UNIT TESTING

Unit testing involves the design of test cases that validate that the internal program logic

is functioning properly, and that program input produce valid outputs. All decision branches and

internal code flow should be validated. It is the testing of individual software units of the

application .it is done after the completion of an individual unit before integration. This is a

structural testing, that relies on knowledge of its construction and is invasive. Unit tests perform

basic tests at component level and test a specific business process, application, and/or system

configuration. Unit tests ensure that each unique path of a business process performs accurately

to the documented specifications and contains clearly defined inputs and expected results.
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2. FUNCTIONAL TEST

Functional tests provide systematic demonstrations that functions tested are available as

specified by the business and technical requirements, system documentation, and user manuals.

Functional testing is centered on the following items:

Valid Input : identified classes of valid input must be accepted.

Invalid Input : identified classes of invalid input must be rejected.

Functions : identified functions must be exercised.

Output : identified classes of application outputs must be exercised.

Systems/Procedures: interfacing systems or procedures must be invoked.

3. SYSTEMTEST

System testing ensures that the entire integrated software system meets requirements. It

tests a configuration to ensure known and predictable results. An example of system testing is the

configuration-oriented system integration test. System testing is based on process descriptions

and flows, emphasizing pre-driven process links and integration points.

4. PERFORMANCETEST

The Performance test ensures that the output be produced within the time limits, and the

time taken by the system for compiling, giving response to the users and request being send to

the system for to retrieve the results.

5. INTEGRATION TESTING

Software integration testing is the incremental integration testing of two or more

integrated software components on a single platform to produce failures caused by interface

defects.

The task of the integration test is to check that components or software applications, e.g.

components in a software system or – one step up – software applications at the company level –

interact without error.
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6. ACCEPTANCE TESTING

User Acceptance Testing is a critical phase of any project and requires significant

participation by the end user. It also ensures that the system meets the functional requirements.

Acceptance testing for Data Synchronization

1. The Acknowledgements will be received by the Sender Node

after the Packets are received by the Destination Node

2. The Route add operation is done only when there is a Route request in need

3. The Status of Nodes information is done automatically in the Cache Updation process

8.2.7 BUILD THE TEST PLAN

Any project can be divided into units that can be further performed for detailed

processing. Then a testing strategy for each of this unit is carried out. Unit testing helps to

identity the possible bugs in the individual component, so the component that has bugs can be

identified and can be rectified from errors.
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CHAPTER 9

FUTUREENHANCEMENT

1. FUTURE ENHANCEMENTS

Snowflake is actively enhancing its platform to meet the evolving demands of data analytics and

artificial intelligence (AI). Key advancements include the introduction of Adaptive Compute,

which optimizes resource usage for cost efficiency, and Generation 2 Warehouses, offering 2.1x

faster analytics performance. Security has been strengthened with the deprecation of password-only

sign-ins in favor of more robust authentication methods. Additionally, Snowflake Intelligence, an

AI-driven data assistant, has been launched to provide secure internal data insights with citation-

backed answers.

In a strategic move to bolster its AI capabilities, Snowflake has acquired Crunchy Data, a cloud-

based PostgreSQL database startup, for approximately $250 million. This acquisition aims to

enhance developers' ability to build, deploy, and scale AI applications using the new Snowflake

Postgres technology, supporting the full lifecycle of enterprise workloads. Furthermore, Snowflake

is investing $200 million in early-stage startups through its Startup Accelerator program, focusing

on AI-powered solutions built on its platform. These initiatives underscore Snowflake's commitment

to advancing AI integration and supporting innovation within its ecosystem.

Sources
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CHAPTER 10

CONCLUSIONANDREFERENCES

2. CONCLUSION

In conclusion, integrating Snowflake's cloud-based data platform with predictive analytics

represents a transformative advancement in healthcare delivery. By leveraging Snowflake's

capabilities, healthcare organizations can consolidate disparate data sources, enabling real-time

access to comprehensive patient information. This integration facilitates enhanced decision-making,

allowing clinicians to identify potential medical errors, optimize treatment plans, and improve

patient outcomes. For instance, predictive models can anticipate patient needs, leading to proactive

interventions that reduce readmission rates and enhance patient satisfaction.

Moreover, Snowflake's scalable architecture ensures that healthcare providers can efficiently

manage and analyze vast amounts of data, supporting the growing demands of modern healthcare

systems. The platform's robust security features, including encryption and compliance with

regulatory standards like HIPAA, safeguard sensitive patient information, fostering trust and

ensuring data privacy. As healthcare continues to evolve, the synergy between Snowflake's data

platform and predictive analytics will be pivotal in driving innovations that lead to more

personalized, efficient, and effective patient care. This collaborative approach not only addresses

current healthcare challenges but also paves the way for a future where data-driven insights are at

the forefront of medical decision-making.



Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC - 559 -

- 559 -

3. REFERENCES

8. L. Yan, S. Li, and F. Ding, ‘‘The preliminary studies on the dynamics ,’’ Mar.

Fisheries, vol. 1, pp. 10–14, Aug. 2004.

9. J. Dong et al., ‘‘The morphology and structure of salesforce (Cyanea nozakii

kishinouye),’’ Fish Sci., vol. 24, no. 2, pp. 22–23, 2005.

10. Z. Zou, K. Chen, Z. Shi, Y. Guo, and J. Ye, ‘‘Object detection in 20 years: A

survey,’’ Proc. IEEE, vol. 111, no. 3, pp. 257–276, Mar. 2023.

11. H. Touvron, T. Lavril, G. Izacard, X. Martinet, M.-A. Lachaux, T. Lacroix, B.

Rozière, N. Goyal, E. Hambro, F. Azhar, A. Rodriguez, A. Joulin, E. Grave, and G.

Lample, ‘‘LLaMA: Open and efficient foundation language models,’’ 2023,

arXiv:2302.13971.

12. H. Touvron et al., ‘‘Llama 2: Open foundation and fine-tuned chat models,’’

2023, arXiv:2307.09288.

13. I. de Zarzà, J. de Curtò, G. Roig, and C. T. Calafate, ‘‘LLM multimodal traffic

accident forecasting,’’ Sensors, vol. 23, no. 22, p. 9225, Nov. 2023, doi:

10.3390/s23229225.

14.H. Liu, C. Li, Q. Wu, and Y. J. Lee, ‘‘Visual instruction tuning,’’ 2023, arXiv:2304.08485.

15. R. Girshick, J. Donahue, T. Darrell, and J. Malik, ‘‘Rich feature hierarchies for

accurate object detection and semantic segmentation,’’ in Proc. IEEE Conf. Comput. Vis.

Pattern Recognit., Jun. 2014, pp. 580–587.

16. R. Girshick, ‘‘Fast R-CNN,’’ in Proc. IEEE Int. Conf. Comput. Vis. (ICCV),

Santiago, Chile, Dec. 2015, pp. 1440–1448.

17. S. Ren, K. He, R. Girshick, and J. Sun, ‘‘Faster R-CNN: Towards realtime object

detection with region proposal networks,’’ IEEE Trans. Pattern Anal. Mach. Intell., vol.

39, no. 6, pp. 1137–1149, Jun. 2017.

18. J. Redmon, S. Divvala, R. Girshick, and A. Farhadi, ‘‘You only look once:

Unified, real- time object detection,’’ in Proc. IEEE Conf. Comput. Vis. Pattern Recognit.

(CVPR), Jun. 2016,

pp. 779–788.

19. W. Liu et al., ‘‘SSD: Single shot multibox detector,’’ in Proc. 14th Eur. Conf.



Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC - 560 -

- 560 -

Amsterdam, The Netherlands: Springer, Oct. 2016, pp. 21–37.



Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC - 561 -

- 561 -

20. T.-Y. Lin, P. Goyal, R. Girshick, K. He, and P. Dollár, ‘‘Focal loss for dense

object detection,’’ in Proc. IEEE Int. Conf. Comput. Vis. (ICCV), Oct. 2017, pp. 2999–

3007.

21. B. Alexey, C.-Y. Wang, and H.-Y. Liao, ‘‘YOLOV4: Optimal speed and accuracy

of object detection,’’ in Proc. IEEE Conf. Comput. Vis. Pattern Recognit., Apr. 2020, pp.

1–17.

22. G. Jocher. (2020). YOLOV5. [Online]. Available: https://github.com/ultralytics/yolov5

23. C. Li, L. Li, H. Jiang, K. Weng, Y. Geng, L. Li, Z. Ke, Q. Li, M. Cheng, W. Nie,

Y. Li, B. Zhang, Y. Liang, L. Zhou, X. Xu, X. Chu, X. Wei, and X. Wei, ‘‘YOLOV6: A

single-stage object detection framework for industrial applications,’’ 2022,

arXiv:2209.02976.

24. (2023). YOLOV8. [Online]. Available: https://github.com/ultralytics/ultralytics

25. J. Redmon and A. Farhadi, ‘‘YOLOV3: An incremental improvement,’’ 2018,

arXiv:1804.02767.

26. M. Martin-Abadal. (2019). Object Detection. Accessed: Mar. 17, 2020. [Online].

Available: https://github.com/srv/ jf_object_detection

27. T.-N. Pham, V.-H. Nguyen, and J.-H. Huh,’’ J. Supercomput., vol. 79, no. 8, pp.

8966–8992, May 2023.

28. H. Kim, D. Kim, S. Jung, J. Koo, J.-U. Shin, and H. Myung, in Proc. 12th Int.

Conf. Ubiquitous Robots Ambient Intell. (URAI), Oct. 2015, pp. 495–497.

29. J. Koo, S. Jung, and H. Myungvol. 2017, no. 1, pp. 1–5, Jun. 2017.

30. Y. Lecun, L. Bottou, Y. Bengio, and P. Haffner, ‘‘Gradient-based learning applied

to document recognition,’’ Proc. IEEE, vol. 86, no. 11, pp. 2278–2324, Nov. 1998.

VOLUME 12, 2024 87847 T.-N. Pham et al Health care data insights.

31. A. Krizhevsky, I. Sutskever, and G. E. Hinton, ‘‘ImageNet classification with

deep convolutional neural networks,’’ in Proc. Adv. Neural Inf. Process. Syst. (NIPS),

2012, pp. 1097–1105.

https://github.com/srv/


- 562 -

Healthcare Data Insights: Predicting Patient Outcomes Using Snowflake

Department of CSE(Data Science),GNITC
lvi


	HEALTHCARE DATA INSIGHTS : PREDICTING PATIENT OUTC
	MELLACHERUVU AKSHITHA21WJ1A6734 P SHASHIDHAR RED
	Mr.Ch. UPENDAR

	CHAPTER-1 INTRODUCTION
	•INTRODUCTION
	•SCOPE OF THE PROJECT
	•OBJECTIVE
	•REVIEW OF RELATED RESEARCH PAPERS

	CHAPTER 3
	1.EXISTING SYSTEM
	1.EXISTINGSYSTEM DISADVANTAGES
	2.PROPOSED SYSTEM
	1.PROPOSED SYSTEM ADVANTAGES
	3.GENERAL
	4.HARDWARE REQUIREMENTS
	5.SOFTWARE REQUIREMENTS
	6.FUNCTIONAL REQUIREMENTS
	7.NON-FUNCTIONAL REQUIREMENTS

	CHAPTER 4 PROJECT DESCRIPTION
	1.GENERAL
	2.METHODOLOGIES
	1.MODULES EXPLANATION
	2.TECHNIQUE USED OR ALGORITHM USED
	DRAWBACKS

	2.PROPOSED TECHNIQUE USED OR ALGORITHM USED
	1.GENERAL
	2.UML DIAGRAMS
	EXPLANATION
	2.CLASS DIAGRAM
	EXPLANATION
	3.OBJECT DIAGRAM
	EXPLANATION
	4.STATE DIAGRAM
	EXPLANATION
	5.ACTIVITY DIAGRAM
	EXPLANATION
	6.SEQUENCE DIAGRAM
	EXPLANATION
	7.COLLABORATION DIAGRAM
	EXPLANATION
	8.COMPONENT DIAGRAM
	EXPLANATION
	9.DATA FLOW DIAGRAM
	Level 1
	EXPLANATION

	10.DEPLOYMENT DIAGRAM
	EXPLANATION
	11.SYSTEM ARCHITECTURE
	5.2.12. E-R DIAGRAM
	EXPLANATION

	CHAPTER 6
	DEVELOPMENT TOOLS

	4.HISTORY OF SNOWFLAKE
	5.FEATURES OF SNOWFLAKE
	CHAPTER 7 IMPLEMENTATION
	7.IMPLEMENTATION AND SNAPSHOTS

	CHAPTER 8 SOFTWARE TESTING
	1.GENERAL
	2.DEVELOPING METHODOLOGIES
	3.TYPES OF TESTS
	2.FUNCTIONAL TEST
	3.SYSTEM TEST
	4.PERFORMANCE TEST
	5.INTEGRATION TESTING
	6.ACCEPTANCE TESTING
	8.2.7 BUILD THE TEST PLAN

	CHAPTER 9 FUTURE ENHANCEMENT
	1.FUTURE ENHANCEMENTS

	CHAPTER 10 CONCLUSIONAND REFERENCES
	2.CONCLUSION
	3.REFERENCES


